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Recommendation Engines

Amazon

Stumbleupon

Youtube

Last.fm

Netflix

Digg

Google News



Recommendation Engines
Why?

o Forinternet users - Useful, fun
e For e-commerce sites > Boosts sales

« Fordevelopers - Interesting, cool
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Users & Items




Preferences

3 stars




ltem-based recommendation

Which books are read
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User-based recommendation

We've got similar tastes,
read any good books?




User neighbourhood




Demo

Movielens dataset (100K)

934

100.000

1682




Taste Architecture

W 3 stars W WM

OO Recommender ———

ltemSimilarity
or UserSimilarity

Preferences CSV file

234,854, 4.0
234, 598, 3.0
234, 458, 5.0
235, 289, 4.0

s DataModel



Preferences

« Preference

. long userld,;
. long itemld,;

. float value:

. PreferenceArray

« BooleanUserPreferenceArray &
BooleanltemPreferenceArray



DataModels

. FileDataModel

« GenericJDBCDataModel

. MySQLDataModel



Similarity Algorithms

Class Explicit? | Implicit?

EuclidianDistanceSimilarity

PearsonCorrelationSimilarity

UncenteredCosineSimilarity

SpearmanCorrelationSimilarity

TanimotoCoefficientSimilarity

L8

LogLikelihoodSimilarity

Slope One

AR R IR




Precomputed Similarities

. MySQLJIDBCIltemSimilarity

« Generic*Similarity

« GenericltemSimilarity.ltemitemSimilarity

« GenericUserSimilarity.UserUserSimilarity



Recommenders

User- and/or lItem-based recommendation

Refresh logic

Access to DataModel

"*Recommended because”
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